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An efficient algorithm for continuously mining of association

rules
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Abstract

Some algorithms store transactional data-
bases in the main memory to reduce the time
needed in scanning databases. Since the main
memory is much faster than the disk. These al-
gorithms gain significant performance im-
provements over the traditional Apriori algo-
rithm. However, some databases may be too big
to fit in the main memory. As such, part of these
databases will be stored in a disk, which dete-
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riorates the performance of the mining process.
Besides, data mining is a continuous process,
which requires several rounds before useful in-
formation is found. Most of the existing algo-
rithms concern only one-time-mining. The per-
formance of data mining in several rounds is
seldom considered.

In this paper, we propose an algorithm,
called the CM algorithm, to mine association
rules from compressed databases. The advantage
of the CM algorithm is that it needs not decom-
press the data structure before performing its
mining process. Through experiments, we show
that the CM algorithm significantly reduces the
time required in continuously mining of the
transactional database.

Key words: Data Mining, Association Rules,
Continuously mining, Data Compression
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