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Understand Personal Robo-Advisors

Abstract

With the development of financial technology, robo advisors have become one of the rising fields.
The students in finance should possess the relevant knowledge and skills to meet the demand of
financial markets. The course includes the introduction of robo advisors, the examination of risk
aversion and questionnaire design, portfolio theories and practices, the performance and risk
management of robo advisors. It helps students understand the operating system of robo advisors and
possess the ability to analyze portfolio. We apply the CDIO (Conceive- Design- Implement- Operate)
approach to this course, and work in coordination with a robo-advisor firm for two special topics: (1)
Asset pool building and asset selection; (2) Financial planning and capital investment. In addition, in
order to help students with non-professional backgrounds become more familiar with the teaching
content, we create a digital course as teaching aids.

Keywords: Robo Advisors, Risk Tolerance Questionnaire, Portfolio Analysis, Digital Course.
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Total Capital Preference Return vs. Risk
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PORTFOLIO VISUALIZER

Portfolio Visualizer provides online portfolio analysis tools for backtesting, Monte Carlo
simulation, tactical asset allocation and optimization, and investment analysis tools for

exploring factor regressions, correlations and efficient frontiers.

VIEW EXAMPLES »

<3

Backtest Portfolio Factor Analysis
Backlest a portiolio asset allocation and compare historical and Run regressicn analysis using Fama-French and Carhart factor
realized retums and risk characteristics against various lazy models for individual assets or a portfolio to analyze returns
portfolios. against market, size, value and momentum factors.
Backtest Asset Allocation » Factor Regression »
Backtest Portfolio » Market Model Regression »

Principal Companent Analysis »
Match Factor Exposures »
Fund Factor Regressions »
Fund Performance Attribution »
Factor Statistics »

B] 5 : Portfolio Visualizer i 7. &
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Backtest Portfolio Asset Allocation

This online portfolio backtesting tool allows you to construct one or more portfolios based on the selected mutual funds, ETFs and stocks to ana
rolling returns. The results include a visualization of the portfolio growth chart and rolling retumns, CAGR, standard deviation, Sharpe ratio, Sortir
also be specified together with the preferred portfolio rebalancing strategy. You can also analyze and compare asset class based lazy portfolios

Time Period @ Year-fo-Year

Start Year @ 1985

End Year @ 2018

Initial Amount & $ 10000 .00

Periodic Adjustment @ None

Rebalancing @ Rebalance annually

Display Income @ No

Benchmark @ None

Portfolio Assets Portfolio#1 %~

Asset 1 VTSMX Q 40 %
Asset 2 VGTSX Q 20 %
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