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Abstract

In this study, the well-known Traveling
Salesman Problem (TSP) is solved by using
a novel genetic algorithm approach with
guided information. Two sophisticated
crossover and mutation operators are
introduced to explicitly balance the
exploration and exploitation abilities of the
proposed algorithm. The performance of the
proposed algorithm is evaluated by
comparing it against existing techniques in
terms of overall schedule length for a set of
problem instances obtained form the
traveling  salesman  problem library
(TSPLIB). Experimental results indicate that
the proposed algorithm is a significant
improvement  compared  with  other
approaches.
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