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OQutfitSimUPP()
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MatchedAttribute—0;,
Foreach(item i in outfit o)
{
Foreach(attribuie  in item i}
{
iff a cxists in UPP)

{
Find the PAV or CAV , av;
MatchedAttribute += av;
H
}
}
Return MatichedAttribute / the number of attributes in UPF,
}
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point=0;
itemns of recommended omtfits |, ri;
items of Personal Wardrobe, wi;
Foreach( item i in ri)
{
Foreach(itemn j in wi)
{
if{i.brand — j brand) pointt-+;
if{i size—j size)} pointtt;
paoint +— RGESTAi.color, j color);
if{i.material — j.material) pointii;
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}
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