S B RY 1 (TR EOT R Y S 2

S

=T

Job Scheduling and Processor Allocation in
Computing Grid

i a + W E
Bz od Ry~ EFAPEE F oo /T A ER
gkken77@gmail.com
&

Rt B eha & p and BAHTE B DT
BEEREA BT PRLASE TR YA
SRR R - i‘i—kmué’; VR | i\‘l@‘:
B RAFTRE T E D o RiEA Y- P n
1 IT R g\.rg;gg_ >/Zm_§*£¥ikrﬁg%ﬂ% NEREE
PEILT A S BINA DL FREE TR -

TR ARFRRER AL R RT
F TR AL AP E RS e TR
RAATL RIS S ik R SR
BAF A S o AT iEARY > AR - B
Frepmost-fith T B % & 2 > F R 2 S BT
AN B TRE h1 IF ;‘Téa\ﬁxém R
cj‘\:‘ sz‘a%; _L_‘;cg
sh (FREAR S % e Most-FithF Jh e & 2 2 &
SRR B oL il S UF Lt

Abstract

Grid computing aims at

to solve a large computational
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collaboratively. It can achieve load sharing and
improve  resource utilization.  Workload
management is a key factor to achieve the goal.
Workload management can be viewed as two
collaborative parts: job scheduling and resource
allocation. We developed a simulation
environment to study the resource fragmentation
issue on grid platforms. We tried to compare and
analyze different scheduling and allocation
methods for finding out the method which can
reduce resource fragmentation occurrences most.
We developed a new resource allocation method
called Most-Fit, which was shown superior to
other methods under several workload conditions.
The simulation studies in this thesis indicate SJF
(Smallest Job First) scheduling method together
with  the  Most-Fit  allocation  method
outperformed other combinations of methods

1 SJIF (Smallest Job Firstlynder most workload conditions.
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